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Summary

Results
TL;DR - We propose Space-aware Memory Queues for 
In-painting and Detecting anomalies from radiography 
images (SQUID). SQUID captures consistent structural 
patterns in X-rays and alerts on rarely structured ones.

Challenge - Anomaly detection in X-ray images can be 
both easier and harder than in photographic images. It is 
easier because X-ray images are spatially structured due 
to consistent imaging protocols. It is harder because 
anomalies in X-ray images are subtle and require medical 
expertise to annotate. 

Why chest X-rays are special? - Spatial consistency! X-
rays are well aligned with each other, which means 
regions at the same locations should all look similar. We 
can update existing methods in a space-aware manner.
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DigitAnatomy is designed to resemble traits of chest X-rays 
but in a more interpretable manner. This helps debug. 

SQUID has 3 stages:
- Feature extraction;
- Image reconstruct;
- Anomaly detect.

Techniques include:
- Space-aware mem;
- Memory queue;
- Feature in-paint;
- Gumbel shrinkage;
- Masked shortcut;
- And more!
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